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Multi Criteria Decision Making Method of Poset with Weight
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Abstract: In view of the partial order set method that can not solve the multi criteria decision problem which con—
tains weight this paper proposes a multi criteria decision making method with implicitly empowering weights.

First it is expressed as a poset which contains n scheme and m criteria decision problem then forms a new poset
which containsm criterions according to the weight order. The poset relationships which contain each other prove
that the new poset not only contains the weighted information but also has a stronger ability of sorting. This way
it only needs weight order without concrete weight in exercising which is suitable for the multi criteria decision
making problems whose weight is difficult to determine. This paper takes the Three Gorges reservoir water quality
evaluation as an example showing that the new method is superior to the original partial order set and it can
cluster and sort 13 schemes but the original method is hardly applied to this example.
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